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Abstract
The principal objective of this study was to assess a modeling approach to Lu. longipalpis
distribution in an urban scenario, discriminating micro-scale landscape variables at micro-
habitat and macrohabitat scales and the presence from the abundance of the vector. For
this objective, we studied vectors and domestic reservoirs and evaluated different environ-
mental variables simultaneously, so we constructed a set of 13 models to account for micro-
habitats, macro-habitats and mixed-habitats. We captured a total of 853 sandflies, of which
98.35% were Lu. longipalpis. We sampled a total of 197 dogs; 177 of which were associated
with households where insects were sampled. Positive rK39 dogs represented 16.75% of
the total, of which 47% were asymptomatic. Distance to the border of the city and high to
medium density vegetation cover ended to be the explanatory variables, all positive, for the
presence of sandflies in the city. All variables in the abundance model ended to be explana-
tory, trees around the trap, distance to the stream and its quadratic, being the last one the
only one with negative coefficient indicating that the maximum abundance was associated
with medium values of distance to the stream. The spatial distribution of dogs infected with
L. infantum showed a heterogeneous pattern throughout the city; however, we could not
confirm an association of the distribution with the variables assessed. In relation to Lu.
longipalpis distribution, the strategy to discriminate the micro-spatial scales at which the
environmental variables were recorded allowed us to associate presence with macrohabitat
variables and abundance with microhabitat and macrohabitat variables. Based on the
variables associated with Lu. longipalpis, the model will be validated in other cities and envi-
ronmental surveillance, and control interventions will be proposed and evaluated in the
microscale level and integrated with socio-cultural approaches and programmatic and vil-
lage (mesoscale) strategies.
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Author Summary
Visceral leishmaniasis in America is caused by an unicellular organism, Leishmania infan-
tum (syn. chagasi) that is transmitted by insects belonging to Diptera:Phlebotominae, Lut-
zomyia longipalpis being the principal vector in urban areas. Therefore, the prevention
and control of this vector is a sound objective, so as to reduce the probability of contact
human-vector and reducing the probability of infection. Therefore, knowing the variables
that have an impact and the spatial scale at which these act will allow us to approach an
understanding of the dynamic population of the vector and allow us to develop more
appropriate strategies of control. Thus, the aim of this study was to assess a modeling
approach to Lu. longipalpis distribution in an urban scenario, discriminating micro-scale
landscape variables at microhabitat and macrohabitat scales. For this, we worked in Santo
Tomé, Corrientes, Argentina. We observed that the presence of Lu. longipalpis is defined
only by the macrohabitat variables tested, but the abundance is defined by variables of
both scales, microhabitat and macrohabitat.
Introduction
Visceral leishmaniasis (VL) in America is caused by Leishmania infantum (syn. chagasi). The
sandfly Lutzomyia longipalpis was incriminated as the most important vector [1] and the
domestic dog was involved as the main reservoir, both in urban areas [2–5].
Although Lu. longipalpis was recorded in Argentina at forest-rural sites in 1951 and 2000
with very few individuals per capture, since 2006 this species has been found in VL urban foci
in captures with more than 100 insects per trap in the first focus at the city of Posadas, Province
of Misiones, and also present in other cities of northeastern Argentina (provinces of Formosa
and Chaco), [5–9]. Salomón et al. [10,11] studied the presence and distribution of Lu. longipal-
pis in the province of Corrientes (contiguous to Misiones where Posadas is close to the border
between both provinces) to assess the possibility of autochthonous transmission of L. infantum.
This province has an active transmission scenario with canine leishmaniasis cases and vector
presence since 2008 [10], even in Santo Tomé, resulting in 16 human cases that have been diag-
nosed since 2010 till the 20th epidemiological week of 2015 (9 of which were recorded at Santo
Tomé, with 3 deaths). Despite canine leishmaniasis was diagnosed in numerous dogs, no sys-
tematic rate of infected dogs was performed until this study.
Dynamic epidemiological patterns of transmission are the result of the simultaneous and
multi-scale interaction of biotic factors that coexist in heterogeneous epidemiological land-
scapes [12,13]. In this sense, Real and Biek [14] hypothesize that the spatial context and the
geographic landscape contribute to the initial establishment of the disease. It should be noted
that the scales from microfocal to regional, although they are inclusive to each other in increas-
ing order, require questions, resolution, data quality, and different analytical tools to support
the conclusions appropriate to each scale [13,15]. At a coarse resolution the micro-scale hetero-
geneity may not be detected, as well as general macro-scale patterns may be overlooked at a
fine spatial resolution [16].
Previous studies on leishmaniasis associated Lu. longipalpis abundance in urban scenarios
with the presence of chickens, dogs and/or fruit trees, or Normalized Difference Vegetation
Index (NDVI) ranges, which can offer suitable conditions for reproductive success of the vector
[17–22]. A study carried out in the city of Posadas, identified microhabitat variables such as
surface of bare soil or covered with grass, distance from house to watercourse, number of plant-
pots, and number of tree species as possible contributors to the abundance of vectors in an
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urban environment [23]. Despite these results, factors associated with the increase in presence
and abundance of Lu. longipalpis in urban environments are only partially understood [24],
and the modeling at micro-scale usually explain up to 30% of the variability [25]. The micro-
scale is defined by the characteristics of the house and surrounding area, and is the operational
scale for focal interventions [15,26]. But when modeling Lu. longipalpis abundance in Posadas
city at this scale, the vector showed different associations between variables recorded at micro-
habitat (trap site) and macro-habitat variables (theoretically the smallest homogeneous patch
of the variable, instrumentally a buffer area that includes relatively homogeneous surround-
ings). Further, in this urban setting more than 30%-40% of the sites sampled had Lu. longipal-
pis presence while less than 5% had high abundance of the vector, suggesting that the presence
and the abundance are modulated by different variables [25]. Therefore, the principal objective
of this study was to assess a modeling approach to Lu. longipalpis distribution in an urban sce-
nario different from Posadas, discriminating micro-scale landscape variables at microhabitat
and macrohabitat scales, and the presence from the abundance of the vector, in order to try to
improve the explanatory power of the model, and so to contribute to the design of integrated
intervention strategies based on the associated variables. The visceral canine leishmaniasis




This study was carried out in Santo Tomé City, Corrientes, Argentina (28°33'5.79"S, 56°
2'44.11"W). This city belongs to the ‘Espinal’ ecoregion, Neotropical ecozone [30], and it is sit-
uated on the coast of the Uruguay River which determines the border between Argentina and
Brazil. Santo Tomé has a stable population of 23,299 inhabitants [31] distributed in approxi-
mately 8 km2.
Sampling
The study was conducted from 25 to 27th February 2013. We studied vectors and domestic res-
ervoirs simultaneously. In order to sample the entire urban area, the city was divided into a
grid of 600 m2 squares (patch), except for the neighborhood ‘Estación’ on the West, where high
vector abundance had been reported by a previous study [11], and was divided into 200 m2
squares. One domestic unit was selected within each patch using the ‘worst scenario’ criterion
[32]. The ‘worst scenario’ is a functional definition to denote a site within the study patch with
the greatest probability of sandfly presence due to habitat conditions. ‘Worst scenarios’ are dis-
tinguished by the presence of dense vegetation which provides shadow, humidity and detritus;
soil rich in organic material and access to blood ingestion without the interference of external
light. In the 600 m2 patches, minimum and maximum distances between traps settled in differ-
ent patches were 145 and 472 m respectively; whereas in the 200 m2 patches, minimum and
maximum distances between traps were 110 and 270 m respectively. The geographic coordi-
nates of all the sites sampled were registered with a Global Positioning System (Garmin
eTrex10).
Entomological sampling
Sandflies were captured with automatic CDC-like light traps, used for the sampling of Phlebo-
tominae in peridomestic environments. Traps were active from approximately 5:30 p.m. to
7:30 a.m., for 3 consecutive rainless nights. Traps were placed 1.5 m above the ground.
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All Phlebotominae sandflies were dried and preserved prior to processing. The specimens
were cleared with lacto-phenol and identified according to [33] under a microscope (Zeiss,
400x). Evandromyia cortelezzii and Ev. sallesi females cannot be distinguished by their mor-
phology, so specimens collected were included within the Ev. cortelezzii-sallesi complex.
According to previous studies in urban areas where traps with more than 30 Lu. longipalpis
individuals summed up to the 10–15 percentile, we operatively classified the domestic units
into low (<30) and high abundance (>30) [20].
Climatic data
Maximum (max) and minimum (min) temperatures (T) and relative humidity (RH) were reg-
istered during sampling in the trap active period with digital thermo-hygrometers (TFA, Ger-
many) in 17 randomly selected domestic units. During the capture period mean climatic
variables were: Tmin mean: 15.42, SE: 1.75; Tmax mean: 31.43, SE: 1.02; RH min mean: 39.46,
SE: 5.59; RH max mean: 92.28, SE: 6.55.
Canine sampling
Dogs from the houses with sandfly traps were blood-sampled by veterinarians, Dogs house. We
also sampled all dogs in neighboring houses within a 25 m radius, Dogs neighbours. The pres-
ence of antibodies against L. infantum by means of the immunochromatographic rK39 tech-
nique was done in situ (Kalazar Detect Canine Rapid Test; InBios). For each dog, 11 variables
were gathered: breed (yes/no), gender, age (years), size (small, medium, large), sterilization
(yes/no), night resting place (interior/exterior), unleashed (allowed to wander around, yes/no),
moving history (yes/no), repellent use (yes/no), repellent periodicity (months), symptoms
(yes/no).
Ethics statement
The study was conducted according to the ethical regulations for research established by the
World Organization for Animal Health (OIE) [34] and with the approval of the ethics commit-
tee ‘Comité de Ética de Investigación Clínica’ (CEIC, Office for Human Research Protection,
IRB Registration 00001678 –USA; Res. N° 1108–26). All the neighbours that collaborated in
the study were informed about the practices and signed an informed consent form.
Environmental variables
Satellite information to generate the environmental stratification of the city was obtained from
a Spot 5 HRG1 J image (spatial resolution, 10 m; March 2013, facilitated by a CONAE-Argen-
tina and CNES-France agreement). The synthetic image was digitally processed in order to
convert digital values into reflectance values for each of the pixels of the cropped image. Land
cover spectral responses were determined by band math in the Red and Near-Infrared spectra,
giving a normalized difference vegetation index (NDVI) raster image as a result. The NDVI
image was subjected to an unsupervised classification by the Isodata method so as to obtain
the different classes resulting from the spectral responses of the land cover present in the area
of study [35,36]. The classification ended in 20 classes with 98% of convergence. By cluster
analysis, pixels were grouped in 6 categories: Water, Uruguay River, Bare Soil, Urban Cover
(includes non-paved streets), Low Density Vegetation, and Medium to High Density Vegeta-
tion. For each trap, a circular buffer area of 50 m was defined in order to avoid superposition,
and the percentage of each class of land cover was calculated.
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At each domestic unit, a set of 6 variables were recorded at the same time of the entomologi-
cal sampling (Trees, Fruit trees, Plant pots, Dogs, Hens and UnMat) (Table 1). Variables as
Stream and Border, were obtained from the satellite image and its posterior analysis by GIS.
The ‘Altitude’ was recorded from the GPS at each trap position.
Statistical analysis
Sandfly presence and abundance. We calculated the accumulated abundance of Lu. longi-
palpis during the 3-night trapping period. Pearson correlation coefficients for the 13 variables
were below 0.5, except for Urban cover with LDenVegC and HMDenVegC (-0.79 and -0.8
respectively). Also, variance inflation factors (VIF) were calculated with package car for R [37]
showing very high values for Urban cover. When this variable was set aside, all VIF values were
between 1 and 3 units. Therefore, Urban cover was not included in the models.
Models
We constructed a set of 13 models to account for micro- (2), macro- (2) and mixed-habitats
effects (9) (Table 2). Two models took into account all the measured variables after checking
for collinearity (NB full,Hurdle full). Ten models set aside the ‘animal’ variables (Dogs, Hens),
because of its moving nature in contrast with the other ‘sessile’ things measured. As it was
stated in the introduction, according to a conceptual framework that discriminates instrumen-
tally spatial scales, conceptually the presence from the abundance phenomena, and allow to
introduce the expert knowledge in the final models, 2 Hurdle models were constructed as an
abundance part with 6–4 variables, and a presence part with 6 variables (Hurdle micro/macro,
Hurdle micro sessile/macro, respectively). Two models took into account a possible quadratic
relationship of Stream with sandfly abundance, and the number of trees at the trap to represent
shade and humidity at the microscale. Two other hurdle models were constructed only with
biotic variables, excluding Unused materials, Altitude, Border and Stream (Hurdle biotic 1, both
parts;Hurdle biotic 2, only count part). Bare soil was not considered inHurdle Biotic 2 since
Bare Soil class had very low cover values in the entire city and could have a low influence in
vector abundance/presence.
Table 1. Environmental variables used to explain the variation in Lu. longipalpis abundance at Santo
Tomé, Corrientes.
Variable Description Habitat
Dogs Number of dogs of the household Micro
Fruit trees Number of fruit trees of the household Micro
Hens Number of hens and chickens of the household Micro
Plant pots Number of plant pots of the household Micro
Trees Number of trees in a 10x10m quadrat around the trap Micro
UnMat Covered surface with unused materials (m2) Micro
Altitude Meters (extracted from GPS) Macro
Bare Soil cover Proportion of bare soil cover a Macro
Border Distance from the trap to the nearest city border (km) Macro
Stream Distance from the trap to the nearest stream shore (km) Macro
HMDenVegC Proportion of high and medium density vegetation covera Macro
LDenVegC Proportion of low density vegetation cover a Macro
Urban cover Proportion of urban cover a Macro
a measured in a 50 m buffer area around the trap.
doi:10.1371/journal.pntd.0003951.t001
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NBmodels. The association between Lu. longipalpis accumulated abundance and the
environmental characteristics related to each domestic unit was analyzed by a multiple regres-
sion procedure using GLM with a logarithm link function. The nature of the variable indicated
a Poisson error structure, but to account also for high over dispersion we applied a Negative
Binomial error structure [38]. Model parameter estimates where calculated by means of itera-
tively weighted least squares (IWLS), and maximum likelihood for theta using packageMASS
for R [39–41].
Hurdle models. We used a hurdle count regression model to predict the presence and the
accumulated abundance of sandflies in a site as a function of explanatory variables measured at
micro and macrohabitat [42,43]. The model has two components: a truncated count compo-
nent for positive counts (with negative binomial distribution and log link), and a hurdle com-
ponent for zero counts (with binomial distribution and logit link). With this approach, we can
model simultaneously both the probability of occurrence and the abundance of sandflies, and
search for environmental variables that may determine the presence and absence of the vector
and/or the number of sandflies observed at each site.
Model selection
The final set of candidate models was selected by means of the AICc criterion and taking into
account the Akaike weights (wi, model probabilities) and ΔAICc [44–47]. Models with the low-
est AICc and highest wi were considered the best models in the set. Spatial autocorrelation in
the raw variable and models residuals were checked by Moran’s I and semivariograms with
SAM software [48]. Parameter estimates and BCa intervals (bias-corrected and accelerated
Table 2. Candidate models, variables included and habitat/s.
Type Model Variables Habitat
GLM Negative
Binomial
Full Altitude + Bare Soil cover + Border + Dogs + Fruit trees + Hens + HMDenVegC + LDenVegC
+ Plant pots + Stream + Trees + UnMat
Mixed
Micro-sessile Fruit trees + Plant pots + Trees + UnMat Micro
Macro Altitude + Bare Soil cover + Border + HMDenVegC + LDenVegC + Stream Macro
Biotic Fruit trees + HMDenVegC + LDenVegC + Plant pots + Trees Mixed
Shade/humidity Stream + Stream 2 + Trees Mixed
Hurdle model Full Altitudea,b + Bare Soil covera,b + Bordera,b + Dogsa,b + Fruit treesa,b + Hensa,b + HMDenVegCa,b
+ LDenVegCa,b + Plant potsa,b + Streama,b + Treesa,b + UnMata,b
Mixed
Micro-sessile Fruit treesa,b + Plant potsa,b + Treesa,b + UnMata,b Micro
Macro Altitudea,b + Bare Soil covera,b + Bordera,b + HMDenVegCa,b + LDenVegCa,b + Streama,b Macro
Micro/Macro Altitudeb + Bare Soil coverb + Borderb + Dogsa + Fruit treesa + Hensa + HMDenVegCb





Altitudeb + Bare Soil coverb + Borderb + Fruit treesa + HMDenVegCb + LDenVegCb + Plant potsa
+ Streamb + Treesa + UnMata
Micro/
Macro
Biotic 1 Bare Soil covera,b + Fruit treesa,b + HMDenVegCa,b + LDenVegCa,b + Plant potsa,b + Treesa,b Mixed
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bootstrap) of the final model(s) where calculated by bootstrap based on 1000 replications with
package boot for R [49].
Model diagnostics
To evaluate the predictive ability of the final model for the “presence part” we calculated:
Kappa index, proportion of correct classifications (PCC), area under the curve (AUC), sensitiv-
ity and specificity with package PresenceAbsence for R [50]. As a threshold probability must be
selected to distinguish positive from negative (sandfly presence and absence, respectively) all
possible cut-off points from 0.01 to 0.99 were assessed to select an optimum cut-off point
which maximized the Kappa index that assesses the improvement of classification of the model
over chance.
Canine leishmaniasis cases analysis
In first place, we analyzed the variable rk39 positivity (dichotomic, = 1 if dog had a positive
rk39) by means of a generalized linear mixed model taking into account the clusters (random
factor) made up of Dogs house plus Dogs neighbors. We constructed 5 models with binomial
family and logit link using package lme4 for R [51].Model 1 took into account individual dog
characteristics such as: breed, gender, age, size, and sterilization;Model 2 accounted for dogs
habits: night resting place, unleashed,moving history, repellent use, repellent periodicity.Model
3 included all the variables.Model 4 was similar to model 1 but incorporating two interactions:
gendersterilization, and breedsterilization. Models were compared by AICc.
In second place, we analyzed the association between the proportion of dog positivity in
each trapped house and its neighbours (Proportion of Positives) and the centered environmen-
tal variables, including also the accumulated abundance of phlebotomines. Due to over disper-
sion, we constructed 5 GLMmodels with negative binomial family and log link (variable:
number of positive dogs, offset: number of dogs analyzed) using the same variables as the ones
listed as NB models in Table 2 and incorporating the accumulated abundance of Lu. longipalpis
at each house, using packageMASS for R [39].
Results
Entomological
We captured a total of 853 sandflies belonging to six species: Lu. longipalpis,Migonemyia migo-
nei, Nyssomyia whitmani, Brumptomyia sp., Ny. neivai and Ev. cortelezzii-sallesi (Table 3). The
98.35% of the sandflies captured were Lu. longipalpis. The capture effort was 53 traps/night
(total: 159 traps), of which 51% were positive for Lu. longipalpis (Fig 1). Of this percentage,
85% were sites with abundances between 1 to 29 specimens, and 15% showed abundances
higher than 30 individuals.
Canine
We sampled a total of 197 dogs, 177 of which were associated to households were insects were
sampled (Fig 1). The rest of the dogs belonged to houses that could not be included in the
insect sampling due to logistical issues. Positive rK39 dogs represented 16.75% of the total, of
which 47% were asymptomatic. We did not find evidences of association between rK39 Positiv-
ity and the explanatory variables. The models showed no improvement compared to the null
model.
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As for the Proportion of positives, it seems to be associated with microscale variables such as
Trees near the trap (p = 0.005) and Stream2 (p = 0.008) but the effect could not be confirmed
due to computational issues during bootstrapping.
Environmental variables
Data extracted from satellite images. After the image classification of the land covering,
the total area of the city was divided in 46.66% of Urban cover, 31.15% of Low density vegeta-
tion cover, 17.91% ofMedium to high density vegetation cover, and 4.25% of Bare soil cover
(Fig 2).
Estimated models
After model selection, one NB model and three hurdle count regression models were responsi-
ble for 99% of the collective model weight (S1 Table). But the best model of the set was theHur-
dle shade/Macromodel that differed in almost 10 units (or more) of AICc from the others.
After removing two non-significant terms from the presence part (BCa intervals contained the
0 value), Altitude and Stream2, AICc diminished 4 units and this model was retained.
The Kappa index calculates the agreement between model predicted values and observed
data, indicating how much better from a random classification the model is. The reduced
final model had an intermediate Kappa value of 0.43 (SD = 0.12; optimum cutoff = 0.54). The
reduced model improved the sensitivity from 0.55 (SD = 0.09) to 0.71 (SD = 0.08) but reduced
the specificity from 0.91 (SD = 0.06) to 0.73 (SD = 0.1). The reduced final model correctly clas-
sified 72% (SD = 0.06) of the data (AUC = 0.75 (SD = 0.07)) (S1 Fig).
After calculating BCa confidence intervals for each estimate, only distance to the border of
the city (Border) and high to medium density vegetation cover (HMDenVegC) ended to be
explanatory, all positive, of the presence of sandflies in the city (Table 4). All variables in the
abundance model ended to be explanatory, trees around the trap (Trees), distance to the stream
and its quadratic (Stream, Stream2), being the last one the only one with negative coefficient
indicating that the maximum abundance was associated to medium values of distance to the
stream.
Discussion
In Santo Tomé, the spatial distribution of dogs infected with L. infantum show a heterogeneous
pattern throughout the city. We could not confirm an association of the distribution of infected
dogs with the variables assessed. Although both dog’s positivity and vector abundance were
found related to microhabitat variables we could not link them in this study. Besides environ-
mental factors related to vector distribution, positive dog0s spatial pattern could be due to social
Table 3. Phlebotominae fauna by species and sex.
Species Male Female (gravid) Total % Male/Female ratio
Lu. longipalpis 734 92 (13) 826 98.33 8/1
Mg. migonei 3 5 (1) 8 0.95 0.6/1
Ny. whitmani 0 2 2 0.24 -
Ny. neivai 1 0 1 0.12 -
Ev. cortelezzii-sallesi 0 1 1 0.12 -
Brumptomyia sp. 1 1 2 0.24 -
Total 739 101 (14) 840 100 7.3/1
doi:10.1371/journal.pntd.0003951.t003
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factors, as networks of breeding or selling puppies (horizontal and vertical transmission), tran-
sit or traffic within the locality or with other endemic locations [13,52]. Indeed, similar results
were reported in studies performed in different cities of Brazil, where higher concentrations of
VL canine cases incidence were associated just with VL human cases or altitude [53–56]. How-
ever, a meta-analysis of the factors associated with canine VL in Brazil reported evidence of sta-
tistical association with one environmental variable (presence of green areas adjacent to the
house), individual variables such as short hair and pure breed, and individual management
variables (peri-domestic/domestic restricted dogs), but the authors also highlighted design and
Fig 1. Spatial distribution of the proportion of dogs and sandfly. Spatial distribution of the proportion of rK39+ dogs (a) and sandfly accumulated
abundance (b). Circle size represents the arbitrarily categorized values of the proportion of rK39+ dogs, and abundance of Lu. longipalpis, respectively. In
parenthesis, number of sampling sites are indicated.
doi:10.1371/journal.pntd.0003951.g001
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analysis limitations of the reviewed articles [57]. Also, besides the individual determinants and
individual dog-management variables, other animal management variables related to attrac-
tiveness or dilution effect of blood sources for vectors were associated with dog seropositivity
(positive association with the number of cats in the households, protective presence of chickens
and pigs) [29].
Fig 2. Land cover classification of the city. Land cover vectorial obtained after a non-supervised classification of the NDVI raster image. Sand-fly sampling
sites are represented by the▲ symbol. Areas of 50 m radius around the trap were used to calculate each type of cover proportion.
doi:10.1371/journal.pntd.0003951.g002
Table 4. Parameters of the final model.
Covariate Parameter estimate SE Lower BCa CL Upper BCa CL P value
Presence model Intercept 0.210 0.427 -0.637 0.991 0.562
Border 5.355 2.124 1.205 8.173 0.0036
HMDenVegC 8.435 4.685 0.410 16.136 0.0194
LDenVegC 7.172 3.498 -0.187 12.992 0.0255
Stream 3.282 2.062 -0.571 7.115 0.0531
Abundance model Intercept 3.289 3.151 -8.495 4.302 <0.001
Stream 7.384 5.049 1.979 24.520 0.0016
Stream2 -50.137 19.175 -80.91 -17.97 <0.001
Trees 0.400 0.208 0.123 0.909 0.0014
Bootstrapped parameter estimates of the reduced final model, Hurdle Shade/Macro, bootstrap SE values, and 95% BC a confidence limits (CLs) for
covariates predicting the presence (binomial model) and abundance (count model) of sandflies in the city of Santo Tomé. Bold covariates do not include 0
in their CLs.
doi:10.1371/journal.pntd.0003951.t004
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This lack of strong or consistent associations in the literature could be related mainly to: a)
design limitations due to work with: reported cases vs. actual incidence of infection, prevalence
of past transmission vs. current environmental variables, individual factors of susceptibility-
vulnerability-exposition mixed with environmental variables, dogs with different roaming area;
b) inconsistencies between the spatial scales of dependent and explanatory variables; c) diagno-
sis limitations, in our study the majority of the rK39+ dogs were clinically asymptomatic, and
it is known the relative low sensitivity of rK39 test in asymptomatic dogs [58,59]; and d) dog
management practices, as the dog spatial distribution could be more associated with dog transit
and puppies adopting (social/commercial networks of pets) than to the actual distribution of
the probability of transmission [13,52]. The last point is even further important when at higher
time-space scales the data from dogs in rural-periurban and urban landscapes are analyzed
together.
We report Ny. whitmani for the first time in the study area. This species has been incrimi-
nated in the cutaneous leishmaniasis outbreaks due to Leishmania braziliensis of the Argentin-
ean northeastern border both by natural infection and environment-time-space association
with human cases, though observed abundances in the study area are still far from epidemic
risk and this species has usually been associated to primary vegetation in Argentina [60,61].
However, it has been related to more urbanized environments in recent studies in the north-
eastern region [5].
In relation to Lu. longipalpis distribution, the strategy to discriminate the micro-spatial
scales at which the environmental variables were recorded allowed us to associate presence
with macrohabitat variables, and abundance with microhabitat and macrohabitat variables.
The presence of Lu. longipalpis was positively affected by the variables Distance to the city
border andHigh density vegetation cover. As the distance to the city border increased, the prob-
ability of Lu. longipalpis presence tend to be higher. The variable High density vegetation cover
showed also a positive relation with the vector presence. It can be explained by the generation
of enabling environments for the presence of Lu. longipalpis. Though these variables seem to
be contradictory, the city under study has a not uniform physiognomy presenting centric areas
with high proportion of green surface, offering small breeding and resting conditions for the
vector (Fig 2). The preference of Lu. longipalpis for complex urban environments [62] with
green patches (between ruralized periurban and downtown) were reported in the literature
[5,20,23,25,63,64]. Further, in cities as Rio de Janeiro, Brazil, Lu. longipalpis was found in Caju
Cementery surrounded by highly urbanized blocks [65]. On higher spatial scales it was also
observed the association of Lu. longipalpis and its sibling species Lu. cruzi with highly urban-
ized areas and low NDVI indexes, but with transitional and vegetation-patched landscapes
[66–68].
The abundance of Lu. longipalpis showed association with variables at both types of scale.
At the microhabitat level, the number of trees around the trap was positively related with the
vector accumulated abundance. Trees offer a micro environment where Lu. longipalpis can
find appropriate refuge; suitable breeding places [21] by means of physical properties (trunk
structure, shadow size and quality); semiochemicals (the involved species could also be impor-
tant) [23]; and tree coverage (100 m buffer) that showed an association with the abundance of
this vector [25]. Other two variables that positively accounted for the differences in the vector’s
abundance in the city were distance to the water course and its quadratic, both at the macroha-
bitat scale. Those areas placed at medium distances, between 470 and 710 m from the water
course, showed an association with high abundances of Lu. longipalpis. On the other hand,
houses outside this range had lower abundances. This result might indicate that water courses
provide an optimum ‘window’ of humidity for the vector reproduction/survival, or for sandlfly
predators (i.e. Scenopinidae larvae [69]), or might be also associated with the intermediate
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environmental heterogeneity between highly urbanized and rural landscapes. Santini et al. [23]
found association of Lu. longipalpis abundance in urban scenarios with this variable also at
microhabitat scale. On the other hand, in a study that used NDWI (Normalized Difference
Water Index) and NDVI no correlation was observed with Lu. longipalpis abundance [22],
showing again the importance about the consistency between the spatial scales of the hypothe-
sis-sampling design and the conclusions.
Other variables once reported as associated with Lu. longipalpis presence or abundance did
not show association in our study. The attractiveness of mammals and birds, mainly chickens,
and its capacity to enhance breeding sites (moisture, manure, shadowed dwellings) was pro-
posed [17,69], while the presence of chickens, but not its quantity, was associated with the abun-
dance of Lu. longipalpis in urban settings [20]. The hen houses are usually a preferred site,
selected by researchers and control programs to locate traps, as it is reported in the Materials
and Methods section of many articles about Lu. longipalpis even this; therefore the homogeneity
of this variable between trapping points at micro-scale could have masked the results, and the
effect at the macrohabitat level was not measured. Low socio-economic level and poor sanitation
(sewage system and rubbish collection) were associated with VL incidence and these associations
were explained by vector suitability [18], although the facts beneath the increased vector exposi-
tion could be indicators of a more complex social determination of the disease distribution.
Considering the low temperatures registered during the sampling nights, sites with high trap
positivity could reveal stable vector hot spots as the ones described at the city of Posadas in the
2007 and 2009 [20,23,25,64], while null sandfly traps could also be false negatives. The authors
suggested that this stable sites with high abundance of Lu. longipalpis could act as source popula-
tions in a metapopulation structure within a ‘city network’ of connected patches. Therefore, to
identify the sites in each scale and the variables associated with presence and abundance could
contribute to assess the significance of particular habitat patches [70], with implications in vector
control-surveillance integrated strategies [71,72]. At microscale, the operational questions to be
answered will be for example, which households/areas within the city require specific interven-
tions/recommendations at a given point of time? In this sense, to develop a model that explains
more than 70% of the Lu. longipalpis distribution could contribute to propose environmental
management control interventions. From individual practices to county planning (microhabitat
to macrohabitat) the recommendations on density and species of trees, and potential breeding
sites could be assessed experimentally. On the other hand, finding areas more suitable for Lu.
longipalpis (hosting the populations with highest abundances in the village (distance to stream)
by itself or as surrogate of socio-economic conditions or related practices (chicken breeding)),
may be used to focus the allocation of resources, or to select the sites to evaluate the interventions.
In conclusion, discriminating environmental spatial based variables recorded at mesohabi-
tat and microhabitat buffers and modeling Lu. longipalpis presence and abundance as different
components, allowed to explain 70% of the vector presence. Based on the variables associated
with Lu. longipalpis, the model will be validated in other cities and environmental surveillance
and control interventions will be proposed and evaluated in the microscale level. In this sense,
programmatic and village strategies integrated with socio-cultural approaches could be incor-
porated in city, neighborhood and individual environmental management, according to each
mesoscale and microscale scenarios, based on participatory action methodologies, so the actual
intervention will be defined together with community [73].
Supporting Information
S1 Table. Model selection metrics of models.Model selection metrics for NB and hurdle
count regression models fit to presence and/or abundance data for Phlebotominae sandflies at
Lutzomyia longipalpis Distribution at Different Micro-spatial Scales
PLOS Neglected Tropical Diseases | DOI:10.1371/journal.pntd.0003951 August 14, 2015 12 / 16
53 sites. Model results are ranked by AICc from best to worst.
(DOC)
S1 Fig. Probability of sandfly presence. Estimated probability of sandfly presence (dots and
smoothed line) in terms of increasing proportion of vegetation cover (Low + Medium/High
density vegetation cover proportion). ID: trap/site.
(TIF)
Acknowledgments
We are grateful to the inhabitants of Santo Tomé for providing access to their households;
Santo Tomé government, National Ministry of Health, REDILA and PRONCeZ for support
and logistics in the field work.
Author Contributions
Conceived and designed the experiments: MSS ODS. Performed the experiments: MSS MMA
NC PH. Analyzed the data: MEU PB. Contributed reagents/materials/analysis tools: NC.
Wrote the paper: MSS MEU ODS.
References
1. Lainson R, Rangel EF (2005) Lutzomyia longipalpis and the eco-epidemiology of American visceral
leishmaniasis, with particular reference to Brazil: a review. Mem Inst Oswaldo Cruz 100: 811–827.
PMID: 16444411
2. Gontijo CMF, Melo MNM (2004) Leishmaniose visceral no Brasil: quadro atual, desafíos e perspecti-
vas. Rev Bras Epidemiol 7: 338–349.
3. Ready PD (2008) Leishmaniasis emergence and climate change. Rev Sci Tech 27: 399–412. PMID:
18819668
4. Acardi SA, Liotta DJ, Santini MS, Romagosa CM, Salomón OD (2010) Detection of Leishmania infan-
tum in naturally infected Lutzomyia longipalpis (Diptera: Psychodidae: Phlebotominae) andCanis famil-
iaris in Misiones, Argentina: the first report of a PCR-RFLP and sequencing-based confirmation assay.
Mem Inst Oswaldo Cruz 105: 796–799. PMID: 20944995
5. Santini MS, Gould IT, Manteca Acosta M, Berrozpe P, Acardi SA, et al. (2013) Spatial distribution of
phlebotominae in Puerto Iguazú-Misiones, Argentina-Brazil-Paraguay border area. Rev Inst Med Trop
Sao Paulo 55: 239–243.
6. Salomón OD, Sosa Estani S, Rossi G, Spinelli G (2001) Presencia de Lutzomyia longipalpis y situación
de la leishmaniasis visceral en Argentina. Medicina (B Aires) 61: 174–178.
7. Salomón OD, Sinagra A, Nevot M, Barberian G, Paulin P, et al. (2008) First visceral leishmaniasis
focus in Argentina. Mem Inst Oswaldo Cruz 103: 109–111. PMID: 18368242
8. Salomón OD, Rosa JR, Fabiani M, San Miguel SR, Szelag EA, et al. (2011) Distribución de Lutzomyia
longipalpis en el Chaco Argentino. Medicina (B Aires) 71: 225–230.
9. Salomón OD, Orellano PW (2005) Lutzomyia longipalpis in Clorinda, Formosa province, an area of
potential visceral leishmaniasis transmission in Argentina. Mem Inst Oswaldo Cruz 100: 475–476.
10. Salomón OD, Ramos LK, Quintana MG, Acardi SA, Santini MS, et al. (2009) Distribución de vectores
de leishmaniasis visceral en la provincia de Corrientes. Medicina (B Aires) 69: 625–630.
11. Salomón OD, Fernández MS, Santini MS, Saavedra S, Montiel N, et al. (2011) Distribución de Lutzo-
myia longipalpis en la Mesopotamia Argentina. Medicina (B Aires) 71: 22–26.
12. Lambin EF, Tran A, Vanwambeke SO, Linard C, Soti V (2010) Pathogenic landscapes: interactions
between land, people, disease vectors, and their animal hosts. Int J Health Geogr 9: 54. doi: 10.1186/
1476-072X-9-54 PMID: 20979609
13. Salomón OD, Mastrángelo AV, Santini MS, Ruvinsky S, Orduna T, et al. (2012) Leishmaniasis visceral:
senderos que confluyen, se bifurcan. Salud Colect 8: S49–S63.
14. Real LA, Biek R (2007) Spatial dynamics and genetics of infectious diseases on heterogeneous land-
scapes. J R Soc Interface 4: 935–948. PMID: 17490941
Lutzomyia longipalpis Distribution at Different Micro-spatial Scales
PLOS Neglected Tropical Diseases | DOI:10.1371/journal.pntd.0003951 August 14, 2015 13 / 16
15. Quintana MG, Fernández MS, Salomón OD (2012) Distribution and abundance of phlebotominae, vec-
tors of leishmaniasis, in Argentina: spatial and temporal analysis at different scales. J Trop Med 2012:
652803. doi: 10.1155/2012/652803 PMID: 22315620
16. Kitron U, Clennon JA, Cecere MC, Gürtler RE, King ChH, et al. (2006) Upscale or downscale: applica-
tions of fine scale remotely sensed data to Chagas disease in Argentina and schistosomiasis in Kenya.
Geospat Health 1: 49–58. PMID: 17476311
17. Alexander B, de Carvalho RL, McCallum H, Pereira MH (2002) Role of the domestic chicken (Gallus
gallus) in the epidemiology of urban visceral leishmaniasis in Brazil. Emerg Infect Dis 8: 1480–1485.
PMID: 12498667
18. Costa CH, Werneck GL, Rodrigues L Jr, Santos MV, Araújo IB, et al. (2005) Household structure and
urban services: neglected targets in the control of visceral leishmaniasis. Ann Trop Med Parasitol 99:
229–236. PMID: 15829132
19. Costa PL, Dantas-Torres F, da Silva FJ, Guimarães VC, Gaudêncio K, et al. (2013) Ecology of Lutzo-
myia longipalpis in an area of visceral leishmaniasis transmission in north-eastern Brazil. Acta Trop
126: 99–102. doi: 10.1016/j.actatropica.2013.01.011 PMID: 23369878
20. Fernández MS, Salomón OD, Cavia R, Perez AA, Guccione JD (2010) Lutzomyia longipalpis spatial
distribution and association with environmental variables in an urban focus of visceral leishmaniasis,
Misiones, Argentina. Acta Trop 114: 81–87. doi: 10.1016/j.actatropica.2010.01.008 PMID: 20096256
21. Oliveira EF, Silva EA, Fernandes CE, Paranhos Filho AC, Gamarra RM, et al. (2012) Biotic factors and
occurrence of Lutzomyia longipalpis in endemic area of visceral leishmaniasis, Mato Grosso do Sul,
Brazil. Mem Inst Oswaldo Cruz 107: 396–401. PMID: 22510836
22. de Andrade AR, da Silva BA, Cristaldo G, de Andrade SM, Filho AC, et al. (2014) Spatial distribution
and environmental factors associated to phlebotomine fauna in a border area of transmission of vis-
ceral leishmaniasis in Mato Grosso do Sul, Brazil. Parasit Vectors 7: 260. doi: 10.1186/1756-3305-7-
260 PMID: 24898032
23. Santini MS, Fernández MS, Pérez AA, Sandoval EA, Salomón OD (2012) Lutzomyia longipalpis abun-
dance in the city of Posadas, northeastern Argentina: variation at different spatial scales. Mem Inst
Oswaldo Cruz 107: 767–771. PMID: 22990967
24. Almeida PS, Sciamarelli A, Batista PM, Ferreira AD, Nascimento J, et al. (2013) Predicting the geo-
graphic distribution of Lutzomyia longipalpis (Diptera: Psychodidae) and visceral leishmaniasis in the
state of Mato Grosso do Sul, Brazil. Mem Inst Oswaldo Cruz 108 992–996. doi: 10.1590/0074-
0276130331 PMID: 24402151
25. Fernández MS, Santini MS, Cavia R, Sandoval AE, Pérez AA, et al. (2013) Spatial and temporal
changes in Lutzomyia longipalpis abundance, a Leishmania infantum vector in an urban area in north-
eastern Argentina. Mem Inst Oswaldo Cruz 108: 817–824. doi: 10.1590/0074-0276130047 PMID:
24271040
26. de Araújo VE, Pinheiro LC, Almeida MC, de Menezes FC, Morais MH, et al. (2013) Relative risk of vis-
ceral leishmaniasis in Brazil: a spatial analysis in urban area. PLoS Negl Trop Dis 7: e2540. doi: 10.
1371/journal.pntd.0002540 PMID: 24244776
27. Prado PF, Rocha MF, Sousa JF, Caldeira DI, Paz GF, et al. (2011) Epidemiological aspects of human
and canine visceral leishmaniasis in Montes Claros, State of Minas Gerais, Brazil, between 2007 and
2009. Rev Soc Bras Med Trop 44: 561–566. PMID: 22031070
28. Teixeira-Neto R, da Silva E, Nascimento R, Belo V, de Oliveira C, et al. (2014) Canine visceral leish-
maniasis in an urban setting of Southeastern Brazil: an ecological study involving spatial analysis.
Parasit Vectors 7: 485. doi: 10.1186/s13071-014-0485-7 PMID: 25326767
29. Curi NH, Paschoal AM, Massara RL, Marcelino AP, Ribeiro AA, et al. (2014) Factors associated with
the seroprevalence of leishmaniasis in dogs living around Atlantic Forest fragments. PLoS One 9:
e104003. doi: 10.1371/journal.pone.0104003 PMID: 25089629
30. Cabrera AL (1976) Regiones fitogeográficas argentinas. Enciclopedia argentina de agricultura y jardi-
nería. Buenos Aires: ACME. pp. 85.
31. INDEC, (Instituto Nacional de Estadística y Censos) (2010) National Census data. Argentina. http://
www.censo2010.indec.gov.ar/resultadosdefinitivos.asp.
32. Feliciangeli MD, Delgado O, Suarez B, Bravo A (2006) Leishmania and sand flies: proximity to wood-
land as a risk factor for infection in a rural focus of visceral leishmaniasis in west central Venezuela.
Trop Med Int Health 11: 1785–1791. PMID: 17176342
33. Galati EAB (2003) Classificação de Phlebotominae. In: Rangel EF, Lainson R, editors. Flebotomíneos
do Brasil. Rio do Janeiro, Brasil: Editora Fiocruz. pp. 23–51.
Lutzomyia longipalpis Distribution at Different Micro-spatial Scales
PLOS Neglected Tropical Diseases | DOI:10.1371/journal.pntd.0003951 August 14, 2015 14 / 16
34. OIE (2012) Manual of Diagnostic Tests and Vaccines for Terrestrial Animals. Terrestrial Manual. 7th
ed. xxxv + 1404 p. ISBN 978-92-9044-878-5. http://www.oie.int/en/international-standard-setting/
terrestrial-manual/access-online/
35. MapInfo Professional. Pitney Bowes Software Inc. v. 11.5
36. ERDAS Imagine. Intergraph. v. 13
37. Fox J, Weisberg S (2011) An {R} Companion to Applied Regression. 2nd. ed. Thousand Oaks, CA,
USA: Sage Publications. xxii, 449 p. http://socserv.socsci.mcmaster.ca/jfox/Books/Companion
38. Zuur A, Ieno EN, Walker N, Saveliev AA, Smith GM (2009) Mixed Effects Models and Extensions in
Ecology with R. New York; London: Springer. xxii, 574 p. 1431–8776
39. VenablesWN, Ripley BD (2002) Modern Applied Statistics with S. 4th. ed. New York, USA: Springer.
xi, 495 p. 0-387-95457-0
40. RStudio (2013) RStudio: Integrated development environment for R Boston, MA, USA. v.0.98.978
41. The R Foundation for Statistical Computing (2013) R. http://www.r-project.org/. v. 3.0.2
42. Jackman S (2012) pscl: Classes and Methods for R Stanford, California, USA: Political Science
Computational Laboratory, Department of Political Science, Stanford University. v.1.04.4
43. Zeileis A., Kleiber C., Jackman S. (2008) Regression Models for Count Data in R. J Stat Softw 27:
1–25.
44. Burnham KP, Anderson DR (2002) Model Selection and Multimodel Inference: A Practical Information-
Theoretic Approach. 2nd. ed: Springer. XXVI, 488 p. 9780387953649. http://books.google.ca/books?
id=BQYR6js0CC8C
45. Johnson JB, Omland KS (2004) Model selection in ecology and evolution. Trends Ecol Evol 19: 101–
108. PMID: 16701236
46. Mazerolle MJ (2006) Improving data analysis in herpetology: using Akaike's Information Criterion (AIC)
to assess the strength of biological hypotheses. Amphib-Reptil 27: 169–180.
47. Falke JA, Dunham JB, Jordan CE, McNyset KM, Reeves GH (2013) Spatial Ecological Processes and
Local Factors Predict the Distribution and Abundance of Spawning by Steelhead (Oncorhynchus
mykiss) across a Complex Riverscape. PLoS One 8: e79232. doi: 10.1371/journal.pone.0079232
PMID: 24265762
48. Rangel TF, Diniz-Filho JAF, Bini LM (2010) SAM: a comprehensive application for Spatial Analysis in
Macroecology. Ecography 33: 46–50.
49. Canty A, Ripley B (2014) boot: Bootstrap R (S-Plus) Functions. R package. v. 1.3–11
50. Freeman EA, Moisen G (2008) PresenceAbsence: An R Package for Presence-Absence Model Analy-
sis. J Stat Softw 23: 1–31.
51. Bates D, Maechler M, Bolker B, Walker S (2014) R package lme4: Linear mixed-effects models using
Eigen and S4. v. 1.1–7
52. Salomón OD, Quintana MG, Bruno MR, Quiriconi RV, Cabral V (2009) Visceral leishmaniasis in border
areas: clustered distribution of phlebotomine sand flies in Clorinda, Argentina. Mem Inst Oswaldo Cruz
104: 801–804 PMID: 19820846
53. Margonari C, Freitas CR, Ribeiro RC, Moura ACM, Timbó M, et al. (2006) Epidemiology of visceral
leishmaniasis through spatial analysis, in Belo Horizonte municiplity, state of Minas Gerais, Brazil.
Mem Inst Oswaldo Cruz 101: 31–38. PMID: 16699707
54. Carneiro DD, Bavia ME, RochaWJ, Tavares AC, Cardim LL, et al. (2007) Application of spatio-temporal
scan statistics for the detection of areas with increased risk for American visceral leishmaniasis in the
state of Bahia, Brazil. Geospat Health 2: 113–126. PMID: 18686261
55. Chamaillé L, Tran A, Meunier A, Bourdoiseau G, Ready P, et al. (2010) Environmental risk mapping of
canine leishmaniasis in France. Parasit Vectors 3: 31. doi: 10.1186/1756-3305-3-31 PMID: 20377867
56. Saraiva L, Andrade Filho JD, Falcão AL, de Carvalho DA, de Souza CM, et al. (2011) Phlebotominae
fauna (Diptera: Psychodidae) in an urban district of Belo Horizonte, Brazil, endemic for visceral leish-
maniasis: characterization of favored locations as determined by spatial analysis. Acta Trop 117: 137–
145. doi: 10.1016/j.actatropica.2010.11.007 PMID: 21110938
57. Belo VS, Struchiner CJ, Werneck GL, Barbosa DS, de Oliveira RB, et al. (2013) A systematic review
and meta-analysis of the factors associated with Leishmania infantum infection in dogs in Brazil. Vet
Parasitol 195: 1–13. doi: 10.1016/j.vetpar.2013.03.010 PMID: 23561325
58. Quinnell RJ, Carson C, Reithinger R, Garcez LM, Courtenay O (2013) Evaluation of rK39 Rapid Diag-
nostic Tests for Canine Visceral Leishmaniasis: Longitudinal Study and Meta-Analysis. PLoS Negl
Trop Dis 7: e1992. doi: 10.1371/journal.pntd.0001992 PMID: 23326615
Lutzomyia longipalpis Distribution at Different Micro-spatial Scales
PLOS Neglected Tropical Diseases | DOI:10.1371/journal.pntd.0003951 August 14, 2015 15 / 16
59. Silva DT, Starke-Buzetti WA, Alves-Martin MF, Paixão Mdos S, Tenório M da S, et al. (2014) Compara-
tive evaluation of several methods for Canine Visceral Leishmaniasis diagnosis. Rev Bras Parasitol Vet
23: 179–186. PMID: 25054496
60. Salomón OD, Acardi SA, Liotta DJ, Fernández MS, Lestani E, et al. (2009) Epidemiological aspects of
cutaneous leishmaniasis in the Iguazú falls area of Argentina. Acta Trop 109: 5–11. doi: 10.1016/j.
actatropica.2008.08.002 PMID: 18983809
61. Fernández MS, Lestani EA, Cavia R, Salomón OD (2012) Phlebotominae fauna in a recent deforested
area with American tegumentary leishmaniasis transmission (Puerto Iguazú, Misiones, Argentina): sea-
sonal distribution in domestic and peridomestic environments. Acta Trop 122: 16–23. doi: 10.1016/j.
actatropica.2011.11.006 PMID: 22155061
62. Werneck GL (2008) Forum: geographic spread and urbanization of visceral leishmaniasis in Brazil.
Introduction. Cad Saude Publica 24: 2937–2940. PMID: 19082285
63. Oliveira AG, Galati EA, de Oliveira O, de Oliveira GR, Espindola IA, et al. (2006) Abundance of Lutzo-
myia longipalpis (Diptera: Psychodidae: Phlebotominae) and urban transmission of visceral leishmani-
asis in Campo Grande, state of Mato Grosso do Sul. Mem Inst Oswaldo Cruz 101: 869–874. PMID:
17293981
64. Santini MS, Salomón OD, Acardi SA, Sandoval EA, Tartaglino LC (2010) Lutzomyia longipalpis behav-
ior at an urban visceral leishmaniasis focus in Argentina. Rev Inst Med Trop Sao Paulo 52: 187–191.
PMID: 21748225
65. Brazil RP (2013) The dispersion of Lutzomyia longipalpis in urban areas. Rev Soc Bras Med Trop 46:
263–264. doi: 10.1590/0037-8682-0101-2013 PMID: 23856862
66. Bavia ME, Carneiro DD, Gurgel H da C, Madureira Filho C, Barbosa MG (2005) Remote Sensing and
Geographic Information Systems and risk of American visceral leishmaniasis in Bahia, Brazil. Parassi-
tologia 47: 165–169. PMID: 16044686
67. Missawa NA, Lima GBM (2006) Distribuição Espacial de Lutzomyia longipalpis (Lutz & Neiva, 1912) e
Lutzomyia cruzi (Mangabeira, 1938) no Estado de Mato Grosso. Rev Soc Bras Med Trop 39: 337–340.
PMID: 17119747
68. Casaril AE, Monaco NZ, de Oliveira EF, Eguchi GU, Paranhos Filho AC, et al. (2014) Spatiotemporal
analysis of sandfly fauna (Diptera: Psychodidae) in an endemic area of visceral leishmaniasis at Panta-
nal, central South America. Parasit Vectors 7: 364. doi: 10.1186/1756-3305-7-364 PMID: 25128480
69. Casanova C, Andrighetti MTM, Sampaio SMP, Marcoris MLG, Colla-Jacques FE, et al. (2013) Larval
Breeding Sites of Lutzomyia longipalpis (Diptera: Psychodidae) in Visceral Leishmaniasis Endemic
Urban Areas in Southeastern Brazil. PLoS Negl Trop Dis 7: e2443. doi: 10.1371/journal.pntd.0002443
PMID: 24069494
70. Ovaskainen O, Hanski I (2001) Spatially structured metapopulation models: global and local assess-
ment of metapopulation capacity. Theor Popul Biol 60: 281–302. PMID: 11878830
71. Braks M, van der Giessen J, Kretzschmar M, van Pelt W, Scholte EJ, et al. (2011) Towards an inte-
grated approach in surveillance of vector-borne diseases in Europe. Parasit Vectors 4: 192. doi: 10.
1186/1756-3305-4-192 PMID: 21967706
72. Braks M, Medlock JM, Hubalek Z, Hjertqvist M, Perrin Y, et al. (2014) Vector-borne disease intelligence:
strategies to deal with disease burden and threats. Front Public Health 2: 280. doi: 10.3389/fpubh.
2014.00280 PMID: 25566522
73. Loewenson R, Laurell, AC., Hogstedt, C., D'Ambruoso, L., Shroff, Z. (2014) Participatory action
research in health systems: a methods reader: TARSC, AHPSR, WHO, IDRC Canada, EQUINET,
Harare. ISBN 978-0-7974-5976-2
Lutzomyia longipalpis Distribution at Different Micro-spatial Scales
PLOS Neglected Tropical Diseases | DOI:10.1371/journal.pntd.0003951 August 14, 2015 16 / 16
